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Modeling Is Hard
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Algorithm Correctness
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A Gaussian process is a collection of
random variables, any subset of which
Is jointly normally distributed.

Gaussian process regression:

assume form of mean and covariance
among data - functional form
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Network Architecture Search
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Figure 1: An overview of DARTS: (a) Operations on the edges are initially unknown. (b) Continuous relaxation of
the search space by placing a mixture of candidate operations on each edge. (c) Joint optimization of the mixing
probabilities and the network weights by solving a bilevel optimization problem. (d) Inducing the final architecture

from the learned mixing probabilities.
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