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[1] Reffer to Redmon, Joseph, et al. “You only look once: Unified, real-time object detection
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[2]. Unpaired Image-to-Image Tran: -
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- 1
® ﬁ%*ﬁ?lﬁl u'City': {

u'start': [],

| s i i
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"Poi': [{u'id': 91557, u'name’: u'FHE" 1],
u"EndDate’: u'",
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}

Ea: REFEE: @fHELSESETEREALH, ﬁ%ﬂ?zu%z-;ff""'..:-.: inEFiht: T EEHTRERE =R S AFREAERTIERNEMSIEMEARYE. Filizsesresony
Eth: EEFEE: [institution], FEi0F|So1338882755%06 . HF %Eﬂjtt [address][person]%h F . [mobile]

[1]. Z Huang, W Xu, K Yu. Bidirectional LSTM-CRF Models for Sequence Tagging - arXiv preprint arXiv:1508.01991, 2015
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[1] Applying Deep Learning to Answer Selection: A Study and An Open Task Minwei Feng, Bing Xiang, Michael R. Glass, Lidan Wang, Bowen Zhou ASRU 2015

[2] Lai S, Xu L, Liu K, et al. Recurrent Convolutional Neural Networks for Text Classification[C]//AAAI 2015, 333: 2267-2273.
[3]1 Wen Y, Zhang W, Luo R, et al. Learning text representation using recurrent convolutional neural network with highway layers[J]. arXiv preprint arXiv:1606.06905, 2016.
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