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* Machine Learning -> Data Analytics & Econometrics
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Ground Truth: Y = f(xl,xz, ...,xp)
Estimated Function: Y = f*(xl,xz, ...,xp)
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Reference:
1. Econometrics: {mostly harmless econometrics)
2. Machine learning + causal inference (with R package~) :
. Causal Forest: Estimation and Inference of Heterogenous Treatment Effects using random
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