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Heat map: Technique relevance to industries Mumber of use cases - - ) )
In more than two-thirds of our use cases, Al can improve performance beyond that provided by other analytics
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Tensorflow ( 2015, Google) . MXNET ( 2015, AWS3z}5F ). PaddlePaddle (2016, B
EE). PyTorch (2017, Facebook ). Caffe2 (2017, Facebook)
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Python API ARSSERTINAPI
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Sequence of Layer - Graph of Operators - Program

Python

limit = fluid.layers.fill constant batch size like(
Frontend

=]label, ="'inte4’, =[1], =5.0)
1. Create Scope to store variables cond = fluid.layers.less than(x=label, y=1limit)
PI’DQ ramDesc 2. Create all Variables in Scope

3. Create and Run All Operators in order ie = fluid.layers.IfElse(cond)

with ie.true block(): # block 1
true _image = ie.input(image)
hidden = fluid.layers.fc( =true_image, =100, ="tanh")
prob = fluid.layers.fc( =hidden, =10, ="softmax')
ie.output(prob)

list<\VarDesc> list<\VarDesc>

List<OpDesc> List<OpDesc=>
'IHHHHHHHI'
BlockO Block1

oG
Tensor, Operator, Program (Blocks)
Control Flow

Transpiler, Executor

06 - L
Baie® A | [ T2V 152




PaddlePaddle X {RiELE
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CViRE

935  |ResNet, SE-ResNeXt, GoogleNet, VGG

ol SSD, Faster-RCNN, Mask-RCNN, Yolo v3 , Fast
RCNN

95Z| |Deeplab v3+, ICNet

*##m= | OpenPose

fgsrss TSN

OCRiR5lI |[CRNN CTC, seg2seq+attention

OCR#& M | Eastral

ARSI Metric Learning, A#lt&Esoftmaxjyik

E&4ERL CycleGAN, CGAN, DCGAN
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Xception + Depthwise separable convolutioniZ2 SaEFITERER
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SENM T + Depthwise separable convolution

Deeplabv3 +1&EEREITILY
)IZRRE GPUMER | Images/S
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NLPt=5!

EESH SiE. BHRE. EEIRE

EMICE MM_DNN, DAM, PyramidDNN

7R [BROo. mERIRR

BE=tead GRU, LSTM

B4R, |Seq2seq + Point Generator
H2EEIE [ Transformer
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Transformer{ggY

Output
Probabilities

WMT2016 2 EBHEESS
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Add & Norm

Feed O. 3 5
Forward

0.3
Add & Norm

__Add & Norm | .
Add & Norm Mult-Hoad 0.95 L ‘ PE—
Feed Attention )
Forward F )
0.2 +

Add & Norm /
| Add & Norm |
Add & Norm Masked 0. 15

Multi-Head Multi-Head
Attention Attention

— -— 0.1

0. 05

Positional Positional
Encoding e & & e Encoding 0
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Embeddin Embeddin paddletnewstest2014 paddle+tnewstest2015
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Paddle MobileZ & FinlEREE




ZFafiEkE

Paddle BR5S=aFu: Paddle-Mobile Paddle Anywhere
RS 258 Bl
CPU. GPUREEtBEMLL, \AZRD'\QPCPEJPG'XIE"'EGQJC;
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Paddle Mobile 5814

SERME | RBEA
SR, B, B
I0S, AndroidZ¥E3 15

Predict API

Arm CPU, Mali GPU, Loader Optimizations Executor Scope
Adreno GPU, FPGAZ1% (Runtime Vars)
=
A5 , LR , BaMURELR o ——
T, *&iﬁr -BE(LI. program parameters

£88 , BolinF—iit,
/\?am@i% AFMRALE




Performance

Mobilenet-ssd 1 Thread 2 Threads 4 Threads

Unit'ms Paddle [E258: [Fz58Y| [RZSE!  Paddle [Fz=E8! [E258! | [A]3=BY Paddle [Ez58  [ERE | [FZ5E
Mobile| F=58A | FF52B | 7F58C | Mobile | ==58A | FF8EB | 7F58C (Mobile! 7=5EA | FFEB | FFEAC

Kirin960 212.14 226.46/376.58 221.27 | 125.16 125.15 278.03 | 122.19 | /457 78.83 | 188.24 | //.46
Qualcomm835 215.58 229.04 372.14 21.571 126.4 |130.52 265.72 4.1081 /641 183.53  76.9/

Mobilenetvl 1 Thread 2 Threads 4 Threads
Un|tm5 Paddle ﬁ%’éﬁg ﬁ%ﬁg ﬁ%ﬂ Paddle ﬁ%ﬁg ﬁ%ﬂ ﬁ%kjé;_}g Paddle ﬁ%kjéi}g ﬁ%?g ﬁ}kjéa_—:ﬂ
Mobile | F=5A | 7758B | 7753C | Mobile | 7=58A | 7558B | 7758C | Mobile | 7758A | 7FEeB | FFERC
Kirin960 106.29 |116.67 173.40| 221.27 | 61.53 | 69.16 13943 12219 3648 | 4105 88.89 | 39.34
ualcomm835 107.65 127.88/174.56  21.571 64.15 67.10 131.10 4.1081 3766 | 4251 | 88.85 @ 41.57

More on: https://github.com/PaddlePaddle/paddle-mobile
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—HIOperatorzhix BERENHGT BAMSRTISEES
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M HEZE6 : Feed List Generation

P(BIA)P(E

A: 3 r 29B 15805 &8RRI

Like/Dislike

HiE280#HElE | ESEER

B: = = 0w ES2 R FIHAEEtRYE
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A: GIFFEE : IBBEAAA SR, , Transformer

m= - e i 2! ElZQ&FHF' .
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(@\ like/dislike i}tem seq2seg model {Z{RBIEIEIIRERTE FiSE

$

News segment

Q like/dislike seﬁment ST o R
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- EBMREDS
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2 I news item 5/9 news segment , FFlFH
nt{F 2 Hpkfeed BINFIZE



PaddlePaddle Release 1.1
yNULED=:

Github : https://github.com/paddlepaddle
BM : http://paddlepaddle.org/
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